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Detection results, without and with refinement

1) Basic constraints: 

2) Foreground-background comparison : 

Non-Maximum Suppression (NMS);
Bounding box area/height/width/aspect ratio;
The ratio of effective area (mask) …
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• Direction constraint
• Camera location constraint
• Road boundary constraint
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1) Progressive connection: 2) Trajectory refinement: 

1) Tracks: 
• Multi-camera Vehicle Tracking
• Vehicle Re-identification

2) Achievements:
• The proposed enhanced multi-granularity network with multiple 

branches outperforms the current state-of-the-art vehicle ReID method 
by 16.3% on Veri776 dataset.

• We designed an offline pipeline for multi-camera vehicle tracking with our 
annotated road boundaries.

• Our algorithms are ranked the 10 and 23 in MVT and ReID tracks 
respectively at the NVIDIA AI City Challenge 2019.

Ablation study on Veri776. ”RK” refers to the Re-Ranking. The evaluation of ReID model on Veri776

Ablation study on CityFlow training set. (only trained on Veri776)

Results and ranks on MVT and ReID tasks of AIC2019.

1) Feature
extraction : 

2) Basic constraints: 
• Kernighan-Lin graph partitioning
Ø Feature correlation
Ø Pixel-level motion correlation
Ø GPS-level motion correlation

Trajectory matching with mean feature under three constraints

camera calibration from CityFlow dataset


